Metabolic reprogramming of glycolysis, fatty acid oxidation, and anti-oxidative stress in macrophages
Is predictive of iImmunotherapy response in patients with non-small cell lung cancer (NSCLC)
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Background Unbiased Cell Typing Extracts Numerically Stable, Spatially Distinct UDs Emerge as Spatial Networks of Immuno-Metabolic Cell Types
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Through the SpacelQ™ platform, we were able to de-plex a 44-plex IF panel to a few key predictive
biomarkers involving metabolic and macrophage signatures that yielded good predictive performance
on immunotherapy response in NSCLC patients.

We hypothesize that metabolic reprogramming of glycolysis in macrophages through lowered CPT1A
stabilization of LDHA may lead to less effective pro-inflammatory response of M1 macrophages
contributing to the resistance of |10 therapy.

We also observed evidence that interaction between epithelial/tumor cells with mitigated proliferation

. Estimated inverse coefficient of variation for each marker for
each of the cell population clusters from the first level split of

of GLUT1-active tumor-associated macrophages led to improved response to 10 therapy. : :ZZLa;:jeizl;;yEionn%responder cores showing the cells from De-plexed markers involving metabolic and macrophage signatures yield
the first level split. Cells in gray are the epithelial cells. good predictive performance in |O response in NSCLC patients
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