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Unbiased Cell Typing Extracts Numerically Stable, Spatially Distinct and

Back
ackground Biologically Interpretable Recursive Cell Types

 NSCLC accounts for most lung cancers and has a poor 5-year survival.

Microdomains Emerge as Spatial Networks of Immuno-Metabolic Cell Types
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upregulated PPP in uD2.

SpacelQ™

Conclusions

* The SpacelQ platform infers distinct metabolic programs revealing spatially mediated roles for
anabolic/catabolic pathways to predict immunotherapy response in NSCLC.

Stage-1  Stage-2 Stage-3

* Each microdomain had distinct metabolic programs relating to catabolic (energy utilization) and
anabolic (cellular biogenesis) pathways.

 uD1/uD2 were prognostic for overall survival (mean AUC = 0.92/0.90 +/- 0.06/0.07), with high
median sensitivity and specificity for nivolumab-treated response.

Microdomains uD1 and uD2 are highly predictive of overall survival. Microdomains uD1 and uD2 are spatially anchored around tumor cells with
upregulated TCA cycle and oxidative phosphorylation (OXPHOS) with additional NK cells and dendritic cells along with upregulated PPP in uD2. Each
microdomain captures spatially distinct metabolic programs relating to catabolic (energy utilization) and anabolic (cellular biogenesis) pathways.

* Unbiased and recursive cell typing allowed for functional characterization of tumor/stromal cells
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